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PREFACE

Governments across the 
country are adopting generative 
artificial intelligence (GenAI).

Y
et there is a surprising gap in our under-
standing of the public sector and its use 
of GenAI. We know far more about the 
policies and the platforms than we do 
about the people expected to use them, 

especially for public and civic purposes. Still, it is 
the knowledge, skills, judgment, motivation and 
confidence of public professionals that determine 
whether investments in GenAI and other forms of 
AI translate into stronger government capacity 
and better public outcomes.

 → Are public servants using these tools?

 → What prevents adoption?

 → Do public professionals work differently 
with these tools for public benefit?

 → What kinds of learning and support help 
public professionals use AI effectively?

 → And what does the growing use of AI 
by public professionals mean for how 
governments serve the public?

This report seeks to answer those questions. 

Drawing on one of the largest datasets yet 
assembled on public-sector GenAI learning, 
the InnovateUS1 Observatory of Public Sector AI 
analyzed surveys and learning data from more than 
250,000 public-sector professionals across all 50 
states and the District of Columbia2. These data 
come from professionals working in state, local, 
tribal, territorial, and federal government in roles 
ranging from public safety and human services to 
education, communications, legal services, tech-
nology, and executive leadership.

The findings paint a picture of a public sector that 
is earlier in its AI journey than many might assume 
and a workforce in which many do not yet even 
know about the basics of AI. Despite the extraor-
dinary public attention to the governance of AI, far 
less is focused on governing with AI.

 
1  InnovateUS delivers free at-your-own pace courses and live workshops to public professionals in AI and innovation skills. We 
have trained over a quarter of a million learners. InnovateUS has partnerships with 60+ states and cities and has upskilled large 
portions of the workforce in such jurisdictions as Washington, DC, Boston, Ohio, California, New Jersey, Colorado. For more about 
InnovateUS, see Section 5. 
 
2  The findings in this report come from 200,000 anonymous pre- and post-course surveys as well 
as pre- and post-workshop surveys and interviews with learners and their managers.  The data collec-
tion period for most of the findings here was between June 4, 2024 and May 31, 2026.
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From Curiosity to Capability

Executive Summary

The biggest barriers to using GenAI in 
government are not tied to resistance.

They emerge from uncertainty about how 
to use it, whether it is relevant, and whether 
it is permitted.

Public professionals primarily use AI for 
information and communication tasks, 
such as research, drafting, editing, and 
summarizing.

Patterns of use vary significantly across 
roles, suggesting that AI adoption in 
government is shaped less by the tech-
nology itself than by the nature of the work 
being performed.

Public professionals readily identify 
tasks they want AI to perform.

They are less likely to articulate the public 
values those tasks are intended to advance. 
The next phase of public-sector AI adop-
tion will require connecting AI capabilities 
to public purposes and public values.

1

3

5

2

4
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Many public professionals are just 
getting started with understanding and 
using GenAI.

For government agencies, the central 
challenge is not managing AI adoption. It 
is building the workforce skills required to 
support responsible adoption in the first 
place.

Leadership knowledge gaps about 
GenAI are a primary bottleneck to its 
adoption and effective use.

Leadership capability is one of the most 
important determinants of whether orga-
nizations move from experimentation to 
effective adoption.

Training builds confidence and confi-
dence expands use.

Public professionals with high confidence 
report intentions to use AI across more 
than twice as many tasks as those who 
remain uncertain.
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Key Findings

FINDING #1

Many public professionals are just getting started with 
understanding and using generative artificial intelligence 
(GenAI).  For government agencies, the central challenge is 
not managing AI adoption. It is building the workforce skills 
required to support responsible adoption in the first place.

T
he public conversation about artificial 
intelligence often creates the impression 
that AI has already become common-
place. Yet among the public professionals 
participating in InnovateUS learning 

programs, the reality looks very different. Some 
51% of public professionals who took the most 
basic AI course offered by InnovateUS (“Using 
Generative AI at Work”) said they had never tried 
these common tools before the training. Another 
14% said they had personally tried such systems 
but do not use them at work. In other words, nearly 
two-thirds of these public professionals entered 
training with little or no practical experience using 
generative AI.

This finding pushes against a common assump-
tion about government’s AI challenges. Much of 
the public debate focuses on how governments 
should regulate, govern, or manage AI. But for 
many organizations, a more immediate challenge 

remains: workforce readiness. Awareness of GenAI 
may be high, yet use remains low, pointing to a 
familiar knowing-doing gap.

The data also reveal that the knowing-doing gap 
is uneven across professions. Public professionals 
working in digital services, information technology, 
communications, and education were generally 
more likely to report prior AI use. Those working 
in public safety, legal services, administrative 
support, and other operational roles were less 
likely to report regular use.

Awareness of GenAI may 
be high, yet use remains 
low, pointing to a familiar 
knowing-doing gap.
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51% of public sector workers have never tried GenAI. 
Those who use it employ it for a variety of tasks
Percentage of pre-course survey respondents who report level of using GenAI at work.

Note: Surveys of InnovateUS course takers June 2024–May 2026
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FINDING #2

The biggest barriers to using GenAI in government are not 
tied to resistance. They emerge from uncertainty about how 
to use it, whether it is relevant, and whether it is permitted.

P
ublic debate about artificial intelligence 
often assumes that government workers 
are resistant to change. Our data suggest 
a different explanation. Many of these 
workers are unsure how to use GenAI 

tools. Even more notably, they do not know what 
is allowed, what works, or why it matters. Together, 
these three barriers account for most non-use: 
28% of non-users said they did not think AI applies 
to their work; 23% said they did not know how to 
use GenAI; and 19% said they did not know if they 
are allowed to use AI in their jobs.

None of the three leading barriers reflects active 
opposition to AI. Instead, they point to the notion 
that workers struggle to understand how a new 
technology fits within existing responsibilities, 
professional norms and organizational rules. 
Uncertainty extends to AI’s value as well: before 
the course, more than a third of respondents 
(37%) said they did not know whether AI would 
make their work easier or harder.

The findings suggest that many governments may 
be misdiagnosing their AI adoption challenge. 

Organizations often behave as though their 
challenge is managing widespread AI adoption. 
Our findings suggest many governments are 
facing a more foundational task: helping public 

Organizations often focus their attention on 
procurement, governance frameworks and tech-
nical infrastructure. These investments are 
important. 

Yet for many public professionals, the more imme-
diate questions are practical ones:

 → How does this apply to my job?

 → Can I use it?

 → What can I use it for?

 → What can I trust it to do?

 → What are the risks?

It is important to note that here, too, perceived 
barriers are not evenly distributed across profes-
sions. For some public professionals, especially 
those in legal, public safety, and operational roles, 
the central question is relevance. They are less 
likely to see obvious opportunities to apply AI in 
their day-to-day work. Among non-users in public 
safety, 43% said AI does not apply to their work, 
compared with 32% overall.

professionals develop the knowledge and judg-
ment required to use these tools responsibly and 
effectively.
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For others, especially those already comfortable 
with technology, the question is permission. Many 
report uncertainty about whether organizational 
policies allow them to use AI tools at all. Among 
non-users in digital roles, 28% were unsure 
whether they were allowed, compared with 18% 
overall. The absence of a policy can function as 
a policy. When expectations about GenAI use are 
ambiguous, uncertainty itself becomes a barrier 
to experimentation and learning. This points to an 
immediate need to update existing usage proto-
cols so the public workforce has clear, practical 
guidance, rather than leaving them to navigate 
uncertainty on their own.

These findings point toward the conclusion that 
governments seeking to accelerate responsible AI 

adoption should focus as much on the clarity of 
their vision –and permissions– as on technology. 
Public professionals need practical guidance 
about what AI is, how it can support their work, and 
what constitutes acceptable use.

When expectations 
about GenAI use are 
ambiguous, uncertainty 
itself becomes a barrier to 
experimentation and learning.

Non-users of GenAI cite three key barriers to GenAI 
adoption: knowledge, skills gaps, perceived irrelevance
Percentage of pre-course survey respondents who report these as primary reasons for non-use.

Note: Surveys of InnovateUS course takers June 2024–May 2026. Percentage for the access option 
is based on the 37,907 respondents surveyed after it was added in January 2026.
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W
hen public professionals report 
uncertainty about AI, they 
frequently look to supervisors 
and managers for guidance. Yet 
many leaders are navigating the 

same uncertainties as the people they super-
vise. Our findings suggest that significant AI use 
for public benefit could be unlocked through 
expanded leadership learning. Among managers 
and leaders participating in InnovateUS learning 
programs, nearly a quarter (24%) of those not 
using AI said the primary reason was not knowing 
how to use it. Another 22% said they did not know 
they were allowed to use it, and 19% said they do 
not believe it applies to their work. That adds up to 
a meaningful share of managers who are not yet in 
a position to guide their staff on GenAI. Managers 
are also more likely than non-users overall to see 
AI as relevant to their work: 19% said it does not 
apply, compared with 32% of all non-users. What 
holds them back is not knowing how to use it or 
whether it is allowed. 

Much of the current discussion about AI training 
focuses on frontline employees. The assumption 
is that leaders already understand the technology 
and that the primary challenge is teaching workers 
how to use it. But many managers are still devel-
oping their own understanding of AI’s capabilities, 
limitations, risks, and potential applications. As 

a result, uncertainty at the top can cascade 
throughout an organization. 

When leaders are uncertain, employees often 
become more cautious. When leaders cannot 
distinguish between appropriate and inappro-
priate uses of AI, professionals receive mixed 
signals about experimentation. When leaders 
lack confidence in their own understanding of the 
technology, organizational adoption slows.

This dynamic helps explain one of the most 
striking findings from the previous section: Fully a 
fifth (19%) of non-users report uncertainty about 
whether AI use is permitted.

The challenge is particularly important because 
research on organizational change finds that 
managerial support is among the strongest 
predictors of successful technology adoption. 
(See Section 1, Literature Review) Employees rarely 
adopt new tools simply because the technology 

FINDING #3

Leadership knowledge gaps about GenAI are a 
primary bottleneck to its adoption and effective use. 
Leadership capability is one of the most important 
determinants of whether organizations move 
from experimentation to effective adoption.

Significant AI use for 
public benefit could be 
unlocked through expanded 
leadership learning.
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Barriers to adopting GenAI differ by professional role

Percentage of pre-course survey respondents not using GenAI selecting each barrier

Note: Surveys of InnovateUS course takers June 2024–May 2026. Role figures come from a later 
survey version (37,386 respondents), so overall percentages differ from the chart on page 8.



From Curiosity to CapabilityFall 2026 11

KEY FINDINGS

exists. They adopt them when leaders create an 
environment in which learning, experimentation, 
and responsible use are expected and supported.

This suggests that governments may need to 
rethink how they sequence AI capacity building. 
Investing in leadership capability creates multi-
pliers. A manager who understands AI can 
influence dozens of professionals. An executive 
team that understands AI can shape the culture 
and expectations of an entire agency.

When leaders lack 
confidence in their own 
understanding of the 
technology, organizational 
adoption slows.

M
uch of the public discussion about 
artificial intelligence focuses on 
autonomous agents, advanced 
analytics, and fully automated 
workflows. Our findings suggest 

that, in government today, AI is being used much 
more pragmatically. Public professionals primarily 
rely on generative AI to support information and 
communication tasks that are central to their daily 
work.

Among respondents who use GenAI, editing 
content is the most common application, with 
70% reporting that they use AI for this purpose 
at least monthly. Content creation follows closely 

(70%), along with conducting research (51%) and 
summarizing information (57%). More specialized 
applications, including organizing data, translating 
text, simulating conversations, and writing code, 
are used less frequently. Note that because these 
questions were asked only of respondents already 
using GenAI, these figures describe how existing 
users apply AI rather than overall adoption across 
the workforce. Taken together, these findings 
suggest that GenAI is being integrated first where 
it can reduce the cognitive burden of knowledge 
work. Rather than replacing professional judgment, 
public professionals are using AI to draft, edit, 
research, summarize, organize information, and 
communicate more efficiently.

FINDING #4

Public professionals primarily use GenAI for information 
and communication tasks, such as research, drafting, 
editing, and summarizing. Patterns of use vary significantly 
across professions, suggesting that AI adoption in 
government is shaped less by the technology itself 
than by the nature of the work being performed.
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The aggregate figures, however, mask important 
differences across occupations within the public 
sector. Educators are among the broadest and 
most likely users of GenAI, reporting especially high 
use for creating content (78%) and editing content 
(73%), but also above-average use for summariza-
tion, translation, and simulated conversations.

Communications professionals concentrate 
their use on drafting, editing, and summarization, 
reflecting the communication-intensive nature of 
their work. Digital professionals are the heaviest 
users of AI-assisted coding. Legal staff report 
the lowest use for most tasks, with one notable 
exception: 62% use AI for research, above the 51% 
average. These differences suggest that there is 
no single model of AI adoption across government. 
Instead, public professionals are adapting AI to 
the specific demands of their occupations. The 
technology is not reshaping work in the same way 
everywhere; rather, existing workflows are shaping 
how AI is used.

This finding has important implications for work-
force development. Much of today’s AI training 
treats AI literacy as a generic capability applicable 
across occupations. Our results suggest a different 
approach. While foundational AI skills remain 
important, public professionals are likely to benefit 
most from learning experiences that demonstrate 
how AI can support the specific tasks associated 
with their roles.

The findings also point toward an important 
research agenda. Much of the existing evidence 
on AI adoption has focused on occupations such 
as software development, where improvements 
can be measured in terms of coding speed or 
productivity. Those studies have generated valu-
able insights, but they capture only a small portion 
of government work. Public-sector AI is being 
applied across a much broader range of infor-
mation-intensive activities that underpin policy 
development, service delivery, regulation, commu-
nication, and administration. As adoption matures, 
research should move beyond measuring overall 
AI use to understanding how different professions 

integrate AI into their work, how those practices 
change organizational capacity, and whether they 
ultimately improve public outcomes.

Public professionals are 
likely to benefit most from 
learning experiences that 
demonstrate how AI can 
support the specific tasks 
associated with their roles.
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Different public professionals use GenAI for different purposes

Among pre-course respondents already using GenAI at work, percentage using it for each task at least monthly

Note: Surveys of InnovateUS course takers June 2024–May 2026
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FINDING #5

Training builds confidence and confidence expands 
use. Public professionals with high confidence 
report intentions to use AI across more than twice 
as many tasks as those who remain uncertain.

G
eneral debates about AI training often 
focus on knowledge. Our findings 
suggest that confidence may be even 
more important. Across InnovateUS 
learning programs, participants 

consistently reported increases in both knowledge 
and confidence following training. 

Those reporting a lot of knowledge grew from 13% 
of respondents before the course to 45% after 
taking the course. Furthermore, 31% of respon-
dents before taking the course said they had no 
knowledge of AI and that number shrank to 5% 
after the course. At the same time, the share of 
respondents reporting they were very confident 
about using GenAI before the course was 27% and 
it shot up to 44% after taking the course. Those 
reporting they were somewhat confident grew 
from 23% before the course to 34% after taking 
it. And those reporting no confidence shrank from 
9% pre-course to just 2% after taking the course. 
These before-and-after figures come from 
different groups of respondents, not the same 
people tracked over time.

In the case of more than 22,000 participants who 
took the “Using Generative AI at Work” course, 
we were able to identify specific individuals and 
compare their pre-course and post-course 

answers. The findings confirm what we saw in 
the data aggregating the tens of thousands 
course takers.

Training increases knowledge across the board 
in significant ways and the course very clearly 
bolstered their confidence. A related finding 
emerged from our survey questions about the 
level of knowledge gained by different groups after 
taking the course. The knowledge gains were the 
most pronounced among those who said before 
the course that they had no knowledge of GenAI. 
That group’s reported knowledge gain was more 
than double those who reported some knowledge 
or a lot of knowledge before taking our course. The 
confidence level of course takers was particularly 
likely to improve among those who reported 

Those reporting a lot of 
knowledge grew from 13% 
of respondents before 
taking the course to 45% 
after taking the course. 
The level of reported 
knowledge grew, as well.
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having no confidence in using GenAI before taking 
the InnovateUS course. Again, the gains were 
substantially larger for this group than for those 
who began with higher levels of confidence.

One of the most striking findings emerges when 
confidence is examined alongside intended use. 
Public professionals who reported high confidence 
after training also reported intentions to use GenAI 
across a much broader range of tasks than those 
who remained uncertain.

Respondents with high confidence reported plans 
to use AI for an average of 3.8 different tasks. 

Those with low confidence reported plans to use 
AI for only 1.5 tasks. Public professionals with high 
confidence do not simply use AI more frequently. 
They imagine more possibilities for how AI might 
support their work.

These gains are significant in their own right. 
Public professionals who better understand AI 
are better positioned to evaluate its strengths 
and weaknesses, identify appropriate uses, and 
recognize potential risks. In addition, higher 
levels of both knowledge and confidence are 
associated with greater GenAI usage and more 

Training increases GenAI knowledge...

...and confidence

Self-reported knowledge of GenAI before and after the course (%), cross-sectional samples

Self-reported confidence using GenAI before and after the course (%), cross-sectional samples

Note: Surveys of InnovateUS course takers June 2024–May 2026
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positive perceptions of GenAI’s impact on work. 
This suggests that changing attitudes towards 
training – especially among those who do not have 
high levels of knowledge about GenAI – will likely 
lead to broader behavior shifts as well.

In effect, confidence functions as a bridge between 
awareness and adoption. Many public professionals 
begin their AI journey uncertain about how these 
tools work, whether they are useful, or whether 
they are permitted. Training helps reduce that 
uncertainty. As confidence grows, professionals 

become more willing to explore and learn how AI 
can support different aspects of their work.

Importantly, confidence should not be confused 
with blind trust. Effective AI use requires skep-
ticism, verification, and professional judgment. 
The goal of training is not to encourage uncritical 
adoption. It is to help public professionals develop 
the knowledge and confidence necessary to use 
AI responsibly.

The findings suggest that governments should 
evaluate AI learning programs by assessing:

 → What participants know at 		
the end of a course

 → Whether participants leave feeling capable 
of applying what they have learned

 → Whether they end up applying those skills

In effect, confidence 
functions as a bridge 
between awareness 
and adoption.

Higher levels of confidence expand intended use

Average number of tasks respondents said they were “more likely to do when using generative AI,” 
by post-course confidence level

Note: Surveys of InnovateUS course takers June 2024–May 2026
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Building AI capability at 
scale in Washington D.C.

W
ashington, D.C., mandated an 
AI training requirement for all 
government employees and 
the contractors that work with 
them. According to DC’s Chief 

Technology Officer Stephen Miller: “We don’t give 
someone access to our fleet systems without 
making sure they have a responsible driving 
record.”

By 2026, more than 32,000 District employees 
(or 86% of the workforce) had enrolled in the 
Responsible AI for Public Professional course. The 
Observatory collected data from these learners, 
resulting in an early picture of how public-sector 
AI adoption develops at scale. 

The patterns closely resemble those observed 
across the national sample. Most employees 

District of Columbia AI Learning 
Hub. Website by InnovateUS.
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had little or no prior experience with GenAI. The 
principal obstacles to adoption are organizational 
rather than technical. The most frequently cited 
reasons were uncertainty about whether AI was 
relevant to their work, uncertainty about whether 
its use was permitted, and a lack of knowledge 
about how to use it. Even among employees in 
digital roles, many remained unsure about agency 
policies governing AI use.

Participation in the training was associated with 
substantial increases in employee confidence and 
intended use. Following the course, the share of 
employees reporting that they were very confi-
dent using generative AI increased, while the share 
reporting no use declined. The largest improve-
ments occurred among employees who entered 
the program with the lowest levels of confidence. 
This pattern suggests that structured training can 
broaden AI capability across the workforce rather 
than primarily benefiting early adopters.

Patterns of use also vary across occupations. 
Daily use is highest among employees working in 
digital services, human resources, engineering, 
and communications, while adoption is lower in 
public safety, legal, and frontline service roles. 
These differences likely reflect variation in job 
tasks, organizational policies, and the availability 
of immediately applicable use cases.

Employees who report using generative AI most 
commonly apply it to drafting and editing docu-
ments, conducting research, and summarizing 
information. Coding is comparatively uncommon. 
This distribution is consistent with findings 
elsewhere in this report showing that generative 
AI is being incorporated first into information 
processing and communication tasks that are 
common across many government occupations.

The early results indicate that large-scale AI 
adoption requires more than access to AI tools. 
Employees need opportunities to develop prac-
tical skills, understand organizational expectations, 

and identify where AI can contribute to their daily 
work. Washington, DC’s experience illustrates how 
a coordinated training strategy can strengthen 
those conditions across an entire public workforce.
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T
o better understand how public profes-
sionals are using AI, InnovateUS asks 
participants about specific tasks they 
perform such as research, drafting, 
editing, summarization, data analysis, 

coding, and other day-to-day responsibilities. 
These activities matter because they contribute 
to larger goals like delivering services, improving 
responsiveness, increasing accessibility, strength-
ening public trust, reducing administrative burden, 
or helping residents solve problems. 

Still, the surveys show there is a gap between the 
tasks public professionals say they perform with 
GenAI and the limited way these workers cite the 
broader democratic purposes their work serves. 
When asked open-ended questions about the way 
these workers hope to use AI in the future, they 
most frequently described activities like drafting 
reports, creating presentations, conducting 
research, analyzing documents, editing commu-
nications, and summarizing information. In other 
words, they list many of the job activities they are 
already performing with AI. 

Fewer open-ended responses from these public 
professionals cite outcomes such as improving 
service delivery, enhancing democratic account-
ability, bolstering the transparency and openness 

of government operations, increasing accessibility, 
reducing wait times, strengthening public partic-
ipation, improving decision-making, or creating 
better experiences for citizens.

This finding should not be interpreted as a crit-
icism of public professionals. In many ways, it 
reflects the current state of AI adoption. Most 
organizations remain in the early stages of learning 
how AI can support individual productivity. It is 
natural that professionals focus first on the tasks 
immediately in front of them. Before people can 
rethink systems, they must first understand tools.

FINDING #6

Public professionals readily identify tasks they want GenAI 
to perform. They are less likely to articulate the public 
values those tasks are intended to advance. The next 
phase of public-sector AI adoption will require connecting 
AI capabilities to public purposes and public values.

The surveys show there is 
a gap between the tasks 
public professionals say 
they perform with GenAI 
and the limited way these 
workers cite the broader 
democratic purposes 
their work serves.
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Yet the distinction between tasks and outcomes 
is important. Governments do not exist to draft 
reports, summarize documents, or edit commu-
nications. They perform those tasks to advance 
public purposes and create public value. Whether 
a particular AI use improves efficiency or effec-
tiveness depends on how workers connect tool 
use to those broader goals.

A public professional who uses AI to draft a 
document more quickly may save time. A public 
professional who uses AI to make services easier 
to access, decisions easier to understand, or the 
government more responsive may create public 
value. As governments move from experimenta-
tion to adoption, the challenge will increasingly 
be measuring the impact of new ways of working 
with AI, helping public professionals connect 
technological capabilities to changes in how their 
organizations serve the public.
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PUBLICVOICE. INNOVATE-US.ORG

Public Voice

P
ublic Voice is an experimental evaluation 
tool developed by the Observatory of 
Public Sector AI to better understand 
whether AI training leads to meaningful 
changes in how public professionals 

work. The project was created to solve what we 
came to call the “six-word problem.” When asked 
open-ended questions at the end of an InnovateUS 
course, participants’ responses averaged just six 
words—too little detail to understand how they 
were actually applying what they had learned.

Public Voice addresses this challenge by combining 
short voice responses with AI-generated follow-up 
questions that encourage learners to provide 
concrete examples of how they are using AI in their 
work. Rather than collecting generic reactions to 
a course, the tool captures evidence of specific 
tasks, workflow changes, and remaining barriers to 
adoption.

Following successful pilots in spring 2026, Public 
Voice is now integrated into the Observatory’s 
evaluation process across InnovateUS learning 
programs. The richer qualitative data it gener-
ates complements traditional surveys, enabling 
researchers to move beyond measuring learner 
satisfaction toward understanding whether AI 
training is producing measurable changes in 
professional practice. We anticipate having richer 
insights to share in our second report.

Text input

Voice input + Follow-up questions

Summary of main themes
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Recommendations

1

2

Treat workforce capability as public infrastructure

Move from AI literacy to AI for public purpose

Our findings point toward smarter, more effective ways 
to introduce and cultivate the use of GenAI by public 
professionals for public purposes. These recommen-
dations are based on consistent patterns across a very 
large sample. We have not yet tested them in practice, 
and we plan to do that with our partners.

Governments invest billions in digital systems and AI technologies. Yet those 
investments create public value only if public professionals have the knowledge, 
judgment, and confidence to use them effectively and responsibly. Workforce 
capability should be treated as a core component of government moderniza-
tion, not as an optional professional development activity. Without sustained 
investment in people, even the most advanced technology cannot deliver better 
government.

The next phase of AI learning goes beyond helping public professionals 
understand AI or identify potential use cases. It must help them apply AI to 
advance public purposes: improving service delivery, increasing accessibility 
and responsiveness, strengthening decision-making, and expanding meaningful 
public participation. 
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3

5

4

Build organizational capability along with 
individual skills

Measure public problem solving with AI

Invest in leaders as force multipliers

Training is necessary, but it is not sufficient. Public professionals also need 
access to appropriate tools, clear governance, supportive leadership, and 
opportunities to apply what they learn in their daily work. Governments should 
approach AI adoption as an organizational transformation opportunity, creating 
the conditions that enable responsible and sustained use.

The success of AI should be measured by the public value it creates for 
governments, public professionals, and residents. Evaluation should emphasize 
outcomes such as higher-quality services, greater accessibility and respon-
siveness, improved efficiency and institutional effectiveness, stronger public 
and employee voice, and more effective solutions to public problems.

Managers and supervisors determine whether new skills translate into new ways 
of working. Leaders who understand AI can model responsible use, establish 
clear expectations, identify high-value opportunities, and create a culture that 
supports learning and experimentation. Building leadership capability is one of 
the fastest and most scalable ways to increase organizational capability.
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From Curiosity to Capability

What We Are Learning 
About Learning
Our extensive engagement with public professionals also 
gives us fresh insights into the learning process itself. 
Among the revelations:

1 Never forget that learning is social
Create opportunities for practitioners to share experiences, exchange examples, 
and learn from one another. Public professionals often trust the experiences of 
colleagues facing similar challenges.

2 Teach new ways of working
Focus on how to integrate AI responsibly into work. Go beyond how to do today’s 
tasks faster. Teach how to work differently.

3 Prioritize confidence, not just knowledge
Effective learning programs should focus on helping participants feel capable of 
applying what they have learned on the job.
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4 Train leaders alongside staff
Leadership learning is a force multiplier because it leads to culture change.

5 Tailor learning to professional roles
Public professionals use AI differently depending on the nature of their work. 
Develop instruction based on roles and problems to be solved.

6 Focus on public value
Teach how to use technology to benefit residents, improve governance and 
deepen democracy.

7 Learning is necessary but not sufficient
Training can increase knowledge and confidence, but sustained adoption also 
depends on access to tools, clear guidance, supportive leadership, and a culture 
that permits applying learning in practice. 
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About InnovateUS

Our mission
To improve lives by enabling public service 
professionals to deliver more effective and 
equitable policies and services.

What we offer
Peer-to-peer learning through courses, 
workshops, and coaching, designed for 
and by public professionals. Self-paced 
courses build foundational knowledge, live 
workshops reinforce and apply skills, and 
coaching programs support hands-on 
implementation. All programs are no-cost, 
include a certificate of completion, and run 
on our open Moodle platform or a partner 
learning management system. Our website 
is available in seven languages.

Our reach
More than 250,000 learners across all 
50 states, the District of Columbia, and 
80 countries. We work directly with 60+ 
state and city partners, whose leaders 
comprise our advisory board, supported by 
270+ leading faculty and 300+ completed 
workshops.

Who we are
InnovateUS is a no-cost, philanthropically 
funded peer-to-peer learning initiative. 
We provide live and at-your-own-pace 
learning on data, digital, innovation, and 
AI skills, for public professionals by public 
professionals.

Our hypothesis
Investment in public sector professionals 
produces measurable improvements 
in government performance and better 
outcomes for residents. How we work

Our content is evidence-based, developed 
collaboratively with public leaders and 
expert advisors, and rigorously reviewed 
for bias and usefulness. It is vendor-neutral, 
with examples spanning tools like ChatGPT, 
Claude, Gemini, and Copilot, and openly 
licensed under Creative Commons (CC 
BY-SA 4.0). 

We are non-commercial and non-partisan. 
We collect only the minimal data needed 
for access, never share it with third parties, 
and never sell learner data. All our content 
is vendor- and platform-neutral.
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Courses

Overview

F
or each InnovateUS course, learners are 
invited to participate in short, voluntary, 
anonymous surveys to learn about how 
the public sector thinks about and uses AI. 
Pre-course surveys measuring baseline 

attitudes and behaviors are given at the beginning 
of the course, and post-course surveys measuring 
learning outcomes are given immediately after 
completion, within the final module of the course. 
Currently, we do not conduct any follow-up 
surveys but plan to do so in the future. As surveys 
are administered through a link within the course, 
only individuals taking the courses through 
our government partners are able to complete 
the surveys.

Data collection began in June of 2024 and is 
ongoing. For this report, we include all responses 
completed by May 31, 2026, among those partic-
ipants taking the “Using GenAI at Work” course. 
Survey responses collected for other courses are 
not reported here, but we include overall numbers 
in the table below for reference. The final sample 
size in this report consists of 106,300 pre-course 
respondents and 67,002 post-course respon-
dents. Over this period, multiple survey versions 
were administered with variation in the survey 
questions asked. As a result, specific analyses in 
this report often draw on subsets of the full time 
range or sample. The exact sample sizes are spec-
ified alongside the relevant findings.

Measurement standardization

Since we aggregate across multiple survey 
versions, some questions were asked with slightly 
different response options. To ensure compara-
bility, we harmonized response scales in select 
cases and recoded open-ended responses into 
existing categories. Self-reported generative AI 
knowledge, which was measured on both 3- and 
5-point scales, was standardized to a 3-point 
scale. Course recommendation ratings, collected 
on both 5- and 10-point scales, were standardized 
to a 10-point scale.

For a professional role, respondents could select 
“Other” and provide a write-in response. Using 
keyword matching, we recoded approximately 
2,300 of these responses into existing categories, 
about 1,000 of them into “Public safety,” which 
was not included as a response option in earlier 
versions of the survey.

Data limitations and 
potential sources of bias

Because both survey participation and, in some 
cases, course enrollment are voluntary, there is 
potential for self-selection at multiple stages. 
First, if course enrollment is voluntary or required 
for accessing generative AI tools, there is the 
likelihood that the learner population may be 
more knowledgeable, experienced, or motivated 
to learn about generative AI compared to the 
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broader public sector population. Secondly, there 
is self-selection into taking the surveys with 
significant attrition moving from the pre-course to 
post-course survey.

With the absence of demographic data, we cannot 
mitigate these selection effects through common 
practices such as survey weighting. However, 
we can compare respondents who report being 
required to take courses by their supervisor against 
those who do not to get a  sense of self-selection 
into course enrollment. Likewise, for pre-course 
respondents with a learner ID, we are able to 
compare whether there is self-selection moving 
from the pre-course to post-course surveys.

When comparing respondents who were required 
to take the courses to those who are voluntarily 
participating, voluntary participants report higher 
levels of pre-course knowledge and usage, and are 
more likely to believe generative AI will make their 
work easier.

When comparing respondents who only completed 
the pre-course survey against those who 
completed both survey phases, those completing 
both phases report similar pre-course usage and 
are slightly more likely to view generative AI as 
making their work easier.

Taken together, these comparisons suggest that 
selection into both course enrollment and survey 
completion is present but modest. Voluntary 
participants appear somewhat more engaged and 
optimistic about generative AI, while respondents 
who complete both survey waves differ slightly in 
baseline usage and perceptions. These differences 
should be kept in mind when interpreting results, 
as estimates may overstate baseline familiarity 
and perceived benefits relative to the broader 
public sector population.

Finally, while our data provides valuable insights into 
generative AI attitudes and behaviors among the 
public sector workforce, its opt-in nature means 

it should not be interpreted as representative, and 
margins of error cannot be calculated. In addition, 
all measures are self-reported and collected at the 
beginning and end of each course. They capture 
knowledge, confidence, and intended use, not 
observed behavior or outcomes, and relationships 
such as the link between confidence and intended 
use are associations, not evidence of cause 
and effect.
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Measure (all from Pre-course survey) Required Voluntary

Avg. Knowledge 1.7 1.9

Avg. Usage frequency 1.6 2.3

Work impact - Easier (%) 40.7 47.7

Work impact - Harder (%) 2.7 2.6

Work impact - Neither (%) 14.6 13.6

Work impact - Don’t know (%) 41.9 36.1

Total respondents 17,047 89,253

Measure Pre-Course Only
Completed 
both phases

Avg. Confidence 3 3

Avg. Usage frequency 2.5 2.5

Work impact - Easier (%) 46 48.1

Work impact - Harder (%) 2.9 2.6

Work impact - Neither (%) 15.7 16.1

Work impact - Don't know (%) 35.1 33.2

Total respondents 4,313 19,640

* Data covers just those taking “Using Generative AI at Work” course

* Data covers just those taking “Using Generative AI at Work” course
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Workshops

Overview

W
orkshops are live, practical, and 
skill-oriented learning sessions, 
typically lasting 60 to 90 minutes. 
Led primarily by practitioners 
and public sector professionals, 

they combine expert and practitioner insights 
with real-world examples and opportunities for 
peer-to-peer learning. Sessions typically begin 
with a presentation or, when multiple speakers are 
involved, a facilitated conversation, followed by 15 
to 20 minutes of participant Q&A and discussion. 
This live, interactive format enables participants to 
engage directly with speakers and learn from one 
another by sharing experiences, questions, and 
challenges from their own work.

Workshops are organized into thematic series that 
explore a topic from multiple perspectives and 
angles, helping participants build practical knowl-
edge and skills across interconnected sessions. 
They have been offered both in person and 
through live online webinars. To date, InnovateUS 
has hosted 308 workshops featuring 289 speakers 
and reaching 38,800 total participants.

We capture baseline attitudes and behaviors 
using voluntary and anonymous pre-workshop 
surveys administered at the start of each session. 
Post-workshop attitudes are measured through a 
voluntary, anonymous survey distributed immedi-
ately afterward. While workshops are open to the 
general public, the majority of attendees (approx-
imately 70%) are public sector workers.

Data collection for this report began on April 10, 
2025, and is ongoing. This report includes data 
collected through May 31, 2026. During this period, 
survey instruments varied: some questions were 
workshop-specific, while others captured similar 
concepts with minor wording differences. Where 
possible, we standardize comparable questions 
across workshops for reporting. As a result of this 
variation, sample sizes differ by question, ranging 
from several hundred to several thousand respon-
dents; exact sample sizes are reported where 
relevant. Since individuals may attend multiple 
workshops, some respondents may appear more 
than once in the data.

Lastly, because workshop attendance and survey 
participation are voluntary, the sample is subject 
to self-selection.



Key Facts & Figures
The Observatory of Public Sector AI draws on one of the largest data-
sets yet assembled on workers and their AI learning and adoption.
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pre-course survey 
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22,303 matched pre- and post-course responses 
allowing individual-level analysis

67,002
post-course survey 
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delivered
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expert speakers
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Research Dataset
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flagship “Using Generative 
AI at Work” course
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Who Participates

T
he public professionals participating in 
InnovateUS learning programs span the 
job categories below. The table maps 
the InnovateUS job categories to the 
closest occupational groups in the U.S. 

Bureau of Labor Statistics Standard Occupational 
Classification and the federal Office of Personnel 
Management occupational series.

Categories reflect respondents’ self-described work 
functions and correspond approximately, rather 
than exactly, to SOC occupations and OPM series. 
Respondents who selected “Other” and described 
their role in open text were assigned to a listed 
category when the description clearly matched 
one (for example, “economist” to researchers and 
data analysts). Descriptions matching no category, 
or more than one, remain classified as Other. The 
final row was not a survey category: health, social 
service, and facilities roles are not separately 
captured by the survey’s answer options and were 
identified through open-text responses.

The survey questionnaires we use in our courses 
can be found at:

INNOVATE-US.ORG/ RESEARCH/QUESTIONNAIRES

Note:
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InnovateUS 
job category

U.S. Bureau of Labor Statistics 
Standard Occupational 
Classification

Federal OPM occupational 
series (U.S. Office of 
Personnel Management)

Program managers
General and operations managers; 
project management specialists

Program management; 
management and 
program analysis

Policy analysts
Management analysts; 
political scientists

Management and 
program analysis

Attorneys
Lawyers; paralegals and 
legal assistants

General attorney; 
paralegal specialist

Human resources 
professionals

Human resources managers; 
human resources specialists

Human resources 
management

Budget and 
finance staff

Budget analysts; accountants and 
auditors; purchasing agents

Budget analysis; 
accounting; contracting

Educators
Elementary, secondary, and 
postsecondary teachers; 
instructional coordinators

Education program; 
training instruction

Public safety 
professionals

Police officers; firefighters; 
correctional officers; emergency 
management directors

Police; fire protection; 
correctional officer

Administrative 
professionals

Executive assistants; secretaries 
and administrative assistants; 
office support staff

Secretary; miscellaneous 
administration and program

Technology and 
digital services 
professionals

Software developers; web and 
digital interface designers; 
computer systems analysts; 
information security analysts

Information technology 
management
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InnovateUS 
job category

U.S. Bureau of Labor Statistics 
Standard Occupational 
Classification

Federal OPM occupational 
series (U.S. Office of 
Personnel Management)

Agency leaders 
and managers

Chief executives; general and 
operations managers

Program management; 
Senior Executive Service

Compliance 
and regulatory 
professionals

Compliance officers; occupational 
health and safety specialists; 
licensing examiners and inspectors

General inspection, 
investigation, enforcement, 
and compliance

Service delivery 
and case 
management 
professionals

Social and human service 
assistants; eligibility interviewers, 
government programs; customer 
service representatives

Social services; contact 
representative

Engineers and 
technical staff

Civil engineers; mechanical 
engineers; electrical engineers; 
engineering technicians

General engineering; 
engineering technical

Researchers and 
data analysts

Data scientists; statisticians; 
economists; survey researchers

Data science; statistician; 
economist

Health, social 
service, and 
facilities 
professionals 
(identified 
through open-text 
responses)

Registered nurses; community health 
workers; social workers; building 
and grounds maintenance workers

Nurse; social work; 
facilities management
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InnovateUS provides no-cost, at-your-own pace, and live learning on data, digital, innovation, and AI skills 
for public service professionals. Governed by our government partners, free content and courses can be 
hosted on your learning management system.

@innovateus-govlab

v.16101000

www.innovate-us.org hello@innovate-us.org
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